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Knowledge Editing Overview
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1. AlphaEdit: Null-Space Constrained Knowledge Editing for Language Models
WIIKE: Wise-Layer Knowledge Editor for Lifelong Knowledge Editing
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1. UnKE: Unstructured Knowledge Editing in Large Language Models
2. AnyEdit: Edit Any Knowledge Encoded in Language Models

3. Batch editing: (274 2] X| A= SHAHO| R HO|E ot=

1.  MEMIT: MASS-EDITING MEMORY IN A TRANSFORMER
2. EMMET: A Unified Framework for Model Editing
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Introduction
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Locate-and-edit based Knowledge Editing
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Locate-and-edit based Knowledge Editing
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Locate-and-edit based Knowledge Editing
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Locate-and-edit based Knowledge Editing
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Locate-and-edit based Knowledge Editing
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Superposition theory
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Knowledge in superposition
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Knowledge in superposition
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Knowledge in superposition
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Knowledge in superposition
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Conclusion
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Knowledge of News

&

Knowledge of Opera

Input: Introduce the latest Olympics.
Output: It was held in Paris, France.
Dates were from July 26 to (...)

J

Knowledge of Biology

o

Input: Write AU-rich element (ARE).

Output: The AU-rich element (ARE)
RNA sequence is S~AUUUAUU (...)

Knowledge of Chemistry

Input:

Output

Write the <Hamlet> for me.
Barnardo:

"I am Barnardo.

Francisco:

"I thank thee for thy good will;
As for my own poor part,

I do not know.

Why I should be so fond of
you.“ Barnardo: (...)
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>

Knowledge of Code

Input: The properties of C6H6 are?
Output: Benzene (C6H6) is a planar,
cyclic molecule with a hexagonal (...)

Input: Find n-th bell number.

Output: def bell_Number(n): \r bell =
[0 fori in range(n+1)] for j in range (...)

Knowledge of Math

Input: If y > 0, please tell me (7y) / 20 + (3y) / 10 is what percent of y?

Output: To find what percent the expression ((\frac{7y} {20} + \frac{3y}{10})) is o!'
y, we first need to simplify the expression. First, let's find a common denominator (..
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Methodology

X = (subject, relation), Y = (object)
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Experiment

» Baseline Methods:
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» Datasets
1. EditEverything: multiple-token multi-domain edit
2. UnKEBench: multiple-token edit
3. CounterFact: single-token edit
4. MQUAKE: single-token multi-hop edit

e Evaluation Metric

1. Bert Score
2.  Rouge-L
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Experiment
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Experiment
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Conclusion
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