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Review of Locate-and-edit based Knowledge Editing
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Review of Locate-and-edit based Knowledge Editing
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Review of Locate-and-edit based Knowledge Editin
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PRUNE
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Analysis in failure of lifelong editing
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Analysis in failure of lifelong editing
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PRUNE: Perturbation Restraint on Upper bouNd for Editing
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Experiment

1. Baseline:
1. ROME: 2t Q| X|Al S ™ &lat
2. MEMIT: 04 2 7 9 XIM% HY X| 2 H= &gt

2. Model:
1. GPT-2-XL
2. LLaMA-2
3. LLaMA-3

3. Evaluation Metric:

1. Efficiency: =805t & 2 X| Al S0 E & +=H5=X]

2. Generality: _I_x-|o D HEXNASOEA EAHRZ M= 0|2 BHEoto & L Eot=X]
3. Specificity: CHE XA 2 HAEE|X| R =X

4. Performance: ¥ metric22| B
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Experiment
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Table 2: Evaluation results (%) of LLaMA-2 (7B) edited by ROME on the ConceptEdit dataset.

Mode General Abilities Editing Performance
Method Edits | Reasoning Summa Open-QA  NLI | Efficacy General Locality Instance
20 75.13 11 6.50 24.7 49.15 52.58 35.68 25
50 20.67 4.90 1.50 0.7 55.42 49.45 19.94 12
ROME 100 12.29 4.7 0.77 0 28.25 30.18 5.68 10
200 0 4.62 0 0 10.14 8.65 331 -8.99
20 89.38 14.34 2337 63.54 75.66 58.35 187 25
50 85.15 14.06 25.29 50.52 56.51 45.55 73.16 8
ROME+PRUNE 100 90.78 13.75 21.46 33.17 46.22 42.26 64.06 20
200 72.9 10.55 22.22 46.15 35.82 34.95 46.65 32




AlphaEdit+:

MODEL EDITING IN THE PRESENCE OF
CONFLICTING AND INCONSISTENT
KNOWLEDGE

ICLR 2026 under review

%7, Natural Language Processing
& Artificial Intelligence



257>, Natural Language Processing
& Artificial Intelligence

Review of AlphaEdit
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AlphaEdit+
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Methodology
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Experiment

1. Baseline:
1. MEMIT: {247 Q| X|Al = H{X| = ™ &zt

2. RECT: AW,,,;2| B2 S0 2 ’AT 025 XA HE S o
3. PRUNE
4. AlphaEdit
2. Model:
1. GPT2-XL
2. GPT-J

3. Evaluation Metric:

1. Efficiency: =735t o2 K| A2 LI & +=Hot=X]

2. Generality: _I_x-| ot A2 XA S LEA 2= M= 0|2 BrFoto & L Eot=X|
3. Specificity: CHE XA 2 HAEE|X| R =X

4. Score: 2| metricg2| B
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Table 1: Mean conflict/inconsistency levels and overall results on five datasets. Best per block in bold.

g Method GPT2-XL (1.5B) GPT-]J (6B)
Efft Gent Spet Score? Efft Gent Spet Scoret
ZsRE MEMIT 87.22 8321 2641 6561 9897 9854 27.73  75.08
Rt pal G N < RECT 7790 69.85 2560 5778 9695 9307 2804  72.69
g(sk,)
avg(sk. ) = 0.62 PRUNE 8485 8209 2747 6480 9604 9584 3417 7535
Kp ' AlphaEdit  97.85 9326 2656 7256 99.66 99.15 2770  75.50
avg(|lrl) = 21.6  AlphaEdit™ 98.81 9432 2773 7362 9976 99.09 3242  77.09
Counterfact MEMIT 87.00 4875 1295 4957 9250 6750 1435  58.11
avg(sk,) = 0.23 RECT 67.00 3175 1200 3692 9600 4875 1450  53.08
BlSK,
ave(sk.) = 0.47 PRUNE 90.00 6925 1040 5655 9332 7250 1265  59.49
E\SKp ‘ AlphaEdit 9550 66.75 1075 5767 9750 7075 1415  60.80
avg(|rll) = 88.54  AlphaRdit™ 9663 6950 1145 5919 9878 7100 1475 6151
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Figure 4: The impact of AlphaEdit™ on the general F1
scores of two models, evaluated on the AlphaSet, ZsRE,
and CounterFact datasets. Best viewed in color.
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Table 3: Comprehensive ablation analysis of AlphaEdit”*
AlphaSet: optimal results per metric highlighted in Bold.

GPT2-XL (1.5B) GPT-] (6B)
Efftf Gent Spe! Scoref Efft Gen? Spet Scoret

Variant

Alph_:_nEdit+ 93.33 82.69 26.21 6741 9625 87.84 2950 7120
wio P 92.60 82.61 2585 67.02 9575 8742 29.29 70.82
wlo A, 9331 8190 26.19 67.13 9562 8696 2894 7051
w/o Smoothing 93.14 8043 2577 6645 9525 87.15 2939 70.60
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Conclusion
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