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§ 01 - OVERVIEW - Paper at a Glance

Paper at a Glance

DocSeeker= long document VQAZE Analysis - Localization - Reasoning 2| - == 3} & workflow= i & 2| &t Ct,

BIBLIOGRAPHIC THREE CORE CONTRIBUTIONS

DocSeeker: Structured Visual Reasonlng 01 AR Paradigm - Analysis - Localization - Reasoning
Wlth Ev|dence Groundlng for LongDoc find-then-reasonS R X 3IE CoT T O Z HA|SHTY

02 Two-stage Training - SFT + EVIGRPO
AUTHORS - Hao Yan, Yuliang Liu*, Xingchen Liu, Yuyi Zhang, Evidence LocalizationS reward= 5 & SIS AI2ILE
Minghui Liao, Jihao Wu, Wei Chen*, Xiang Bai

AFFIL. - Huazhong Univ. of Science & Technology - Huawei Inc.
CODE - github.com/yh-hust/DocSeeker 03 EGRA - Evidence-Guided Resolution Allocation
evidence page0ll 2t high-resE & <ol H 22 E &ZetH Tt

HEADLINE RESULTS - 5 multi-page DocVQA benchmarks - Qwen2.5-VL-7B backbone

+30-60.. SOTA I§: Short — Long

Baseline [t 4= &4t Open-source 51 benchmark 25 19 Qwen2.5-VL-7B backbone B2 2MZ st&8h 20| ultra-long document)t X & BH3t
571 DocVQA benchma KkEZ closed-source 2T B =8 2= 80l 55 EXUL2=Z ol 2 <20p &5 OI0IEH 2 80p+ MMM E AR
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§ 02 - PROBLEM - Why Long-Doc VQA is Hard

Pure-vision MLLM2 & 71 X4 0l U XI=D}

MAt= gt

—

HE S It 2 &2l st — Low SNR1 sparse supervision.

P 1 LOW SNR

Pz SPARSE SUPERVISION
Signal-to-Noise Ratio”7} Y5 &t}

=AM =8 HOIXION Ol2= 2MUHA EE0 2 28t evidence= =4
HIOIXI Ol =THEHCH LHH K= 25 noiseZ & =0lHAN 2
4~ 2 5tC}.

FUFEL A5 V37

= 9| token budgettt

NH =s5F Ch

oL og

J|Z multi-page DocVQA dataset2 “long input — short answer” 29+ X 36t
Evidence LocalizationO]| L} =t H Ol ol & ot= label= SLLCH.

RAGE 2= dlZ& 0] OtLICH

22
classic top-k dilemma - kJt £ 2™ evidenceE =Xl 11, 3™ noise)t CHA
sH=C

odlo More
=2 od =2
— 2| E retriever ol 2= 2280 2 AT K| E=C}.

ol

Rote Memorization2 & st st
— in-domainOl| A B+ & = &6

OF & = &5 1) OODS} ultra-long document Ol A & BH3E I 24 &ICH,

= 2|2 retriever O/ ==

=

S, 2d XA 9] Evidence Localization 58 = 7|3 Of &t}
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§ 03 - KEY IDEA - The ALR Paradigm
THREE-STEP WORKFLOW

Step 1
I I I O Analysis
Question Analysis
L2 HlW-HA-FO0LOF Sh=ItE HAM Helstlt
|
| [
Step 2
Localization
find-then-reason <1 X 275 Z10] = visual reasoning ©l| =z 71 Cf Evidence Localization
“...onpage 9" S EHE page IDE HAIH 22 2 ZEHC}
ALR Visual Reasonlng Paradigm= 22 0| &= =&ol)| & BFEAl Al JHL SAIE HHE AXNESE 2 HletCh 2 Step 3
SISl E202 Ut sta ) A=0| 2% S22 .
Reasoning Process
olg= SH /AU ME =2 — answer + evidence_pages =

cHlo) E22 B X

Ol HACt0l HIBdt= 0=
02 Token Separation 03 RAG-friendly

= ULCH H 0| X| &< 2 visual tokenS =l

HI &= Top-k HIOI XM S =&0I Jtsottt

i
i
o
[w

01 High Interpretability
XA A

&l page IDZ AISAILEE A E &

0l
W
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§ 04 - MODEL - Pipeline Overview

DocSeeker2| end-to-end

ol =5

ol
O

backbone= Qwen2.5-VL-7B-Instruct=S I &2([ FII 2=

PHASE 4 - OUTPUT

PHASE 1 - INPUT PHASE 2 - BACKBONE PHASE 3 - ALR CHAIN

Page-Aware Qwen2.5-VL Structured Final
Input 7B Backbone Reasoning Answer Yans

Z A2 2= HIOIXIE imageZ& Ht3 1, ViT + VL-Adapter + LLM decoder <think> Analysis - Localization <answer> {

—> —> - Reasoning </think> —> "evidence_pages": [...]
2+ H| O K| 20 ‘X3 A2 &1, "answer": [...]
= 2L s Aoz sH¥s =2l =2t reasoning chain2 & Al & token2 2 } </answer>
=21 CF.

"Page {ID}:"markerE = 2!

TRAINING PROCEDURE — ALR s8=2 & HHZ &ttt

Stage | - SFT Stage Il - EViGRPO

Gemini-2.5-Flash 2 distillation©t ALR CoT Ul 0| E{ 2 backbone= fine-tuning — ALR pattern Format - Localization - Answer Al JtXl reward= RLE & &0off &1 Evidence
LocalizationES S A0l = &= 3t&tC.

S-S 755 WFE T

= él-ﬁ}\lzu:'_
=T H =2

AHE SF&

+ EGRA (Evidence-Guided Resolution Allocation) — -7 Y7 2ol 4] -85 %] long document
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§ 04 - MODEL - Page-Aware Representation

H Ol XI& explicit grounding unit@ £ C+2Ch

2f WOl Al Ol 01Xl & 0ll "Page {ID}:" 04 E & 2ol HIOI XIS ALRE| Jl= &

et

INPUT SEQUENCE — tt&3tE HS

Page 1:

Page 2: (img tokens)
(img tokens)

Page 3: (img tokens)
(img tokens)
Page N: Question:"Comparing telecom operators ... 2"

= 28 =0 M "...on page 9" EEH2| B AlE page citation0| It =i &l
Ablation (Tab. 3 - =& 6.3k): w/ Page ID 33.8 — w/o 30.4 (-3.4pt).
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?=

L =etih

WHY IT MATTERS

01.Anchoring

21 visual token sequence 20l A HI Ol X| ZHE H=to| et
02.Citeability

=2 JSONZ2| evidence pagesE & st Jiset a2 &6l
03.RAG Compatibility

retrieverJt B A= H 0| X| £ Bt&toH & ID J18F =X 0| JtsotLh
04.Verifiability

MNEXILES Z2HE AE olg = AN &M tHE 30 M S0tCH
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§ 05 - TRAINING - SFT + EViGRPO

Two-Stage Training Framework

Stage |2 Data Distillation2 Z ALR pattern= =2l 1!, Stage Il= EVIGRPOZ Evidence Localization= & 2l tLCt.

ALR CoT Data Distillation Suostid EGRA STAGE | - SFT
ort Answer
Question Short Answer Question discard Pagel  Page2 o e R
- . e o — ALR CoT Distillation
| Page {ID}: Gemini Sesaudary = -
Pre-process [:O\\ Verification ET AR
Evidence Generator ! o
Minimal Context 3 l teacher Gemini-2.5-Flash0{l Minimal Context?} &l =0 ALR
o O0—— CoT= M A 5T}
=2 O O .
s vigé Page3  Paged — Exact Match (EM) + GPT-40 Judge = Secondary Verification=
i Ngicgs  canaa o] —mme HZ 13K £ 2. Role: ALR pattern =S =2 5tC}.
@ \\boxed{Question Analysis} e ande® J
=k \\boxed{Evidence Localization} S ik v
25/ \\boxed{Reasoning Process} dll;:wer> ol
ALR CoT data </thinle e
v

Initialize '

PR () ]

KL 5, Reward 1: Format Py Tae STAGE Il - EVIGRPO
il 0 Policy :{;ﬁ Reward 2: Localization
(POLICY) optimization (REF) T Reward 3: Answer O
Policy model ; ccterencemoidi | I Eeeiid i Evidence-aware GRPO
Advantage
Rellout outpat R = A;-Rformat + A,-Revidence + Az-Ranswer(0.1, 0.3, 0.6)
D D iy S High Role: Evidence Localization 2t& gf. SFT2t2 £ = sub-optimal st
Online Fltering Data R ™ Resoluton Resolution reasoning path= RLO| CHAl &8 =Ch,
Stage I Evidence-aware GRPO |:I (Amwe: l\l'“;:::aﬁ :.:?:Illlzauon\f) D (Answef :"’l.“:::-::?:.::::i::ﬂonx ) O ErAdonceRupe 0 NeEtitoec Tt
Fig. 2 (paper) - Stage I SFT (Z}) — Stage I EviGRPO (%) — EGRA Resolution (-7-)
EVIGRPO REWARD — Al reward2| Z& 9l "Evidence-aware"2!J} - Tab. 5
SFT 38.6 — Vanilla GRPO (answer-only) 38.7 — EviGRPO 40.1
Rformat *Format Revidence "Localization Ranswer "“Answer localization reward 2= GRPO= +0.12 A& AL 25 — NI & & +1.58 QHEC
ALR template & == (binary) evidence page Fp (B>1, recall &) ANLS (Levenshtein J|Eh
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§ 05 - TRAINING - Data Distillation — Minimal Context & Verification

Data Distillation - Minimal Context & Verification

ALR CoT UIOIEHE HE N -dot) HEH ZSot=Al — Appendix A2l & JHA| sia &K,

Minimal Context from
Long Document

Question

Short Answer

|

I

|

|
I o - e | Q: What is the date reported
| Raw Data I I at the beginning of the
| : : document on page one?
: —). — | [l Evidence Document
| | |

| | :
| Evide preprocess "
| nece | |
I I fiter |
| [ (doc length) |
I "l: | % |
| | |
| Question : : Evidence Info
| Short Answer | | Evidence Page
_______ [ Page 1: <image>
|
|

| Data Filtering & | ALR CoT Data
Distillation

Context Construction

THREE PHASES — appendix A.1

01 Filtering & Context

B2 2M HIH = Minimal Context 4

= Minimal ContextZ. teacher 2] ¢ & noise =
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Generation
Prompt

02 ALR CoT Distillation
Gemini-2.5-FlashJ} ALR ¢Alo 2

<think>

\boxed{Question Analysis}

The user is asking to identify the
date...

\boxed{Evidence Localization}

I am reviewing the provided

+p image for page 1. At the very top
of the page, ...... states '""March 3,

—f—

Locations" ......
\boxed{Reasoning Process}
...... The most prominent date at
the start of the document is
“March 3, 2020™......

</think>

<answer>
{evidence pages: [1], answer: 2020-03-03}
</answer>

|
|
I
|
I
I
|
I
2020 - Polling Place :
|
I
|
|
I
|
|
|

Secondary I
Verification

03 Secondary Verification

AH A

S S EM filter + GPT-40 Judge

MINIMAL CONTEXT

teacher®l] Al = evidence pages- A
distractor- 2 & A &3,

full-context= noise-Z2 0| [ =0l teacher )t ALR 2FA! A A (ff
A TIH 8HC}. evidenceBt =M teacher)t & =06+H Al success ratedt

=S etlh.

Distillation Success 20.4% —>67-3(y0

SECONDARY VERIFICATION

Noise= B 2] 3, paraphrase= 23dt}.

(DExact Match (EM) filter

& -evidence pagesJt ground-truth@t 2 XIct=Xl XtsS & At

@ GPT-40 semantic Judge
"17th February 1916" vs "1916-02-17" 2= |8t Ct

Nl
04
iy
nio
ton
1

Zhepd FH, Secondary Verification ©. = paraphrase7F<| 2] 3] 13K 85 o] B & $FH oh.
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§ 05 - TRAINING - EGRA — Evidence-Guided Resolution Allocation

EGRA - evidence pagell8t 13| = & &8t

Evidence-Guided Resolution Allocation — GPU H 22| etH ¢t 21 &AM &&= JtsotH ot St & XI.
SCHEME — page-wise resolution allocation
MECHANISM
- Non-Evidence Non-Evidence
Evidence o Non-Evi . 8t& Al non-evidencel 70%E R &<
Page (30 /°) (70%) ' (hl-res) down-sample, 30%= high-res = XI.
° oo F8 A: 2= HI0| Xl £ native high-res2
xel.
r € [256, 1024)
r=1024 r=1024
HIGH-RES - KEEP DETAIL HIGH-RES - DISTRACTOR LOW-RES
WHY THIS DESIGN
E2 0let= SH HOIXNZ IH=Z6Hol =55 Al SNR=E 2 =8IC S A0 &€ % non-evidenceE high-res=® &4 SHA NET EFFECT
train-infer 2t & & XI0|E = distractor robustness)I X| &t &2 SHC}. _
evidence fidelity+= - #| 3FAA] &2 8.3} visual token 7t
=<2t

EGRA 2] 4 ZFZ] ablationS Results =2 o] =9 A] g}7] t}ZT}
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§ 06 - EXPERIMENTS - Setup & Benchmarks

Experimental Setup & Benchmarks

multi-page DocVQA benchmark 5 — in-domain 271, OOD 31 £ 2 8tst SsSOtXl &H =& stCh
SETUP BENCHMARKS — 5 multi-page DocVQA datasets
Experimental Setup
DATASET TYPE
DUDE IN-DOMAIN
MP-DocVQA IN-DOMAIN
BACKBONE MMLongBench-doc 00D
Qwen2.5-VL-7B-Instruct
LongDocURL 0ooD
TEACHER (distillation)
Gemini-2.5-Flash SlideVQA 00D

TRAIN DATA
ALR-CoT 13K (=< 20 pages)

RL ALGORITHM
EViGRPO (rollout group size 16, online filter)

COMPARED WITH

METRIC

ANLS
ANLS
Accuracy

Accuracy

F1

CHARACTER

general document QA
multi-page document QA
hundred-page scale, visual
understanding + locating

slide-style multi-page

Open-source: HiVT5 - CREAM - mPLUG-DocOwI2 - M3DocRAG - Vis-RAG - SV-RAG - VDocRAG - Docopilot - DocVLM
Closed-source: GPT-4V - GPT-40 - Gemini-1.5-Pro - Qwen-VL-Max
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§ 06 - EXPERIMENTS - Main Quantitative Results

51 benchmarkOil A & 3#%E SOTA

Baselineldt =& 22 B4 (4| B +30 ~ +60% &

TABLE 1 — Comparison on five document understanding benchmarks

METHOD

Open-Source MLLMs
mPLUG-DocOwl2
M3DocRAG
Vis-RAG
VDocRAG
InternVL3

Closed-Source Commercial
Gemini-1.5-Pro
GPT-40

Ours

Baseline

Baseline-SFT (short-answer)
DocSeeker-SFT

DocSeeker (full)

PARAM.

8B
9B
4B
8B
8B

7B
7B
7B
7B

DUDE

46.8

44.0
47.4

46.0
54.1

35.2
56.0
56.8
57.4

= 2 Q1L (Table 1)

MP-DocVQA

69.4
84.4
70.9
62.6
80.8

67.4

70.1
82.9
82.1
86.2

Best in accent. DUDE / MP-DocVQA = ANLS - MMLong. / LongDoc. = Accuracy - SlideVQA = F1.

@ Yan et al., DocSeeker - Paper Review - June 2026

MMLong.

13.4
21.0
18.8
18.4
24.1

28.2
42.8

25.4
28.8
38.6
40.1

LongDoc.

5.3
35.1
41.9
39.8
38.7

50.9
64.5

37.8
42.7
49.1
51.7

SlideVQA

55.7
50.7
42.0
54.4

59.8
67.4
75.2
771

THREE TAKEAWAYS

01.

Open-source SOTA

InternVL3-8B = open-source 22 = 25 SJtetCt. MP-DocVQA

(]
86.22 GPT-40(67.4)% =2t}

02.

ALR > Short-answer SFT

short-answer SFT= Rote Memorization2 & ZL} OOD &4 0| & Cl.
ALR CoT= OODOIM & 2 BtstE L. (appendix Tab. A1)

03.

EviGRPO refines SFT

SFTEe 2 & 2 gralE 2 X0 EVviIGRPOE HotH 28
benchmarkO0ll Al I} & & (2O +4pt)0| LIEFCE
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§ 06 - EXPERIMENTS - Robustness to Document Length

Document Length0ll 73713

Baseline2 HIO|X| =J} =5 40| HEH2=2 U X XI2H DocSeeker= & 22t A HEHSt 2& 2 R X stLh (Fig. 1a - Fig. 3)

KEY NUMBERS — by document length (MMLongBench-doc)

48 —e—Baseline —#—DocSeeker (Ours)
PAGES BASELINE DOCSEEKER A
?\40_‘ 41.1
+13.0 | . 37.6
v 'Y 4 0-20 35.0 48.0 +13.0
4 318
3 20 — 40 28.7 40.1 +11.4
40 - 60 23.2 41.1 +17.9
oo ot b 60 — 80 17.4 37.6 +20.2
0:20 20:40 40:60 60:80 >80
> 80 11.7 31.8 +20.1

(a) Model performance across different document page ranges

® Baseline  ® DocSeeker (Ours)

86.0
+37%
oW 71.8

+30%

70.1 o

579 59.8

+64% o 51.7
5 2 \ )
401 378
35.2 +58 /: . OBSERVATION
254

DUDE MP-DocVQA  MMLongbench-doc  LongDocURL SlideVQA =MNMIItE2HE = Z‘-1 i]'7 ]’ 2-8] a % o:l ZJ_]:"' .
(c) Model performance on 5 multi-page document VQA datasets 80p+ 2l A Baseline= 11.72 = Eﬂ'l-, DocSeeker= 31.8=

OHE XM O Z R X|6tLH.

Fig. 1(a) - Acc by document page range — Baseline (gray) vs DocSeeker (blue)

FULL-DOC vs EVIDENCE-ONLY - Tab. 2 i LATENCY vs ACCURACY TRADE-OFF - appendix C
Evidence-only 41.1 (2% localization & &t
-1.0pt0il 21 &I Ct — localization0| 2 A5

>
[
|0
HU
vy)
)
(2]
@
=
o)
o
-
c
&
o}
o
=
x
I
—_—
o
N
=
ol
Ju
ol
el
2
)
o}
o
wn
@
@
o}
)
-5
rr

) :

Olct= 8les SA. ALRZ2 output token0l 12| 28l (202—401)2 S 0{LI XI 2, end-to-end latency= 19s — 25s (+31.6%) 0
_1ZICE CHA! accuracy +14.7ptE & =L

bottleneckO| text decodingOl Ot:l visual pre-filloil RLJ| H20ICH. &2 2&H 0 A &cl&H el trade-off.
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§ 07 - QUALITATIVE - RAG Integration & Example

Qualitative Trace & RAG Integration

DocSeekerE retriever 9| 0l Z1CH 2 = &l C}. top-k dilemmaJt 235 1) k

QUALITATIVE — ALR output trace

i Question: Comparing to the Telecom Operators in 2014 and 2013-2014, What
are the Operators that are not in common?
— | K wiecom openmn - 2132084 3) Kmm-mmmr;—! ——
Telkomsel, Telk L
Page 1 Page 9 (XL, Indosat, 3, Smartfren, XY - Tadases Page 10 Page 38
Esi 2
- : J
(@ A
<think>
Question Analysis Structured
... identify operators that are unique to either "2014" or "2013-2014" thinking
when comparing them to "Telecom Operators"... finding lists of operators
for these two periods and identifying operators that appear in one but not both.
Evidence Localization
... locate sections discussing “Telecom Operators” for “2014” and “2013-2014". The title
“Telecom Operators - 2013-20-14 (3)" on page 9 ... The title “...” on page 10 ...
Reasoning Process
1. ...2013-2014: Page 9: Tel..., XL, Ind..., 3, Smartfren, Esia. s
2. ... late 2014: Page 10: Tel..., XL, Ind.... E“"Guc # 5 ::d‘"“
3. Compare: Unique to 2013-2014; 3, Smartfren, Esia. TORETs
</think>
Page aware
<answer>
{"evidence pages": [9, 10], "answer": ["'3", "Smartfren", "Esia"]}
</answer>
- /

(b) Analyze-locate-reason workflow of DocSeeker

Fig. 1(b) - <think> Analysis — Localization — Reasoning </think> — <answer>

@ Yan et al., DocSeeker - Paper Review - June 2026

Ct. (Fig. 4)

RAG INTEGRATION — robustness across k

==a== Colqwen 2.5
=== Colgqwen 2.5 + DocSecker

=& Colgwen 2.5 + Qwen2.5-VL-7B
wws= Colgwen 2.5 + DocSecker

1 5 10 15 20 25 30 35 40 45 50 55 60 1 5 10 15 20 25 30 35 40 45 50 55 60

k (Number of retrieved pages) k (Number of retrieved pages)

(a) Acc across retrieved page counts (b) F1 score across retrieved page counts

Fig. 4 - Acc / F1 vs retrieved page count k — DocSeeker stays flat

NATURAL SYNERGY

Baseline> k>5 -7hol| A 19 2] A ¥k, DocSeekert= k=1-60 % -7kol| A A3 5 o]
FA T I 2 RAG reader= F¢ 7} 3 A& J-x o]t}
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§ 07 - QUALITATIVE - Failure Analysis — Where DocSeeker Still Breaks

Failure Analysis - Al| 7}#] A3 2=
5102 L} stage-wise2 228t 2 1. (Tab. A3)

MMLongBench-Doc 1,082 sample= Recall x Accuracy £

01

Reasoning Failures
Recall = 1 - Acc = 0 — evidence= HIUI 2 & QX 2t Reasoning ProcessOlAl L& E Y case (2882).
SHHIOIA E = A

TABLE A3 — Stage-wise Error Breakdown
Acc = 0.5 Acc =0 Total
Recall = 1 300 288 588
O: chart =XI= Z 20| HAAU2LE &t=
Recall <1 121 373 494
fotal 42 o6 1,082 (02  Localization Failures
Recall < 1 - Acc = 0 — evidence pageE & X| 2ol =20 Z &t contexts =26t Xl 28t case (3734
HE 2 H1S).
SIS M O XIDF S 2 X E.
Recall = Evidence Localization g S}= - Acc = final answer 7§ g+
()03  Formatting Mismatches
&2 20|14 X2 formatO| CHE2CH= 0157 2 Exact Match0l €& (0fl: “17th February 1916” vs
“1916-02-17").
— &5 HHH Ol M= Secondary Verification2 £ 3| =& X| BF, & It metric®l & StH 01| & GtCt.
e,

Z opg 4

14 /17

= MH @& 6617 (61%) = Localization Failures (3737) 7} Z/ 0] H| & — Grounding 73317}
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§ 08 - DISCUSSION - Strengths

LV.

Strengths

o] s=ir-o] 53] Zor tAl 7pR] A

01 &A 347t B3

PN

long-document VQAS| 2 & = Low SNR1} sparse supervision & Jt X2 B &6| Z2loff CHE &

&1 el L

02 op|gxE A=A gt

Qwen2.5-VL backbone=2 JJUZ2 F 1 o5 EXCC2 s52 F2Uot22 MMt

oIr
JW"
9
i
0o

03 Y 7Hsds AA HERH

=2 0fl evidence page)t BAT2Z AISXIIES 3E HE

W

= UL
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04 & 8ol Hojud

Slg= HI OB 8t2 Z short — long 2 EtSIE €
50| D=6t

13K 122 . EGRAZ GPU 0| 2¢| et Al 2Hll A

long document =}

05 RAGAZHI AH2HA 23"

kOl =28t reader0| 2| [HZ 0l multi-document-ultra-long document & 8 0fl bt=2 £ & JtSatCh

“SFTZ} ALR patternS 7F2 X 31, EviGRPOZ} Evidence Localization S 9+ 3} ¢t} ” — &
CtH o] a0l Z2Z6FH LIF O QUCH
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§ 08 - DISCUSSION - Limitations & Open Questions

Limitations - Open Questions

LIMITATION - 01 LIMITATION - 02

Teacher &]<4A (Gemini-2.5-Flash) Evidence”} page @ o] H{FE¢}

ALR CoT OI0IH 2l 2&0| 21 2 LLM0| &= = C teacherdt 2o XIS ALR &1 S XHMIDOF = =2l Al & Ch st HIOIXI 2+2l Tt = G- H-caption &< fine-grained grounding2 Ot & CHE X| = 6tCh

LIMITATION - 03 OPEN QUESTION

Backbone Y WA A=o] B30} Closed-source2}d] x|+ o} Aot

& &0l Qwen2.5-VL-7B0l =8t% O] InternVL3-GLM-4.5V S CtE backbonetil A &= ALRO| 22 =22 MMLong. 40.1 vs GPT-40 42.8 - LongDoc. 51.7vs 64.5 — ALRE 2 220l S 2 [l 8= & &0l
A =ot=Xl= 0l=0l O{Cl el Xl= Ol Xl ==
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§ 09 - CLOSING - Final Takeaway

lake-home Message

"Find first.
Then reason."

DocSeeker= long-document visual reasoning= “evidenceE HAH &1, 1 A0lAM FE8HCH"=
X 3tEl paradigm2 £ M & 2| StCt.

PARADIGM TRAINING OUTCOME
ALR SKT + EviGRPO SOTA + Robust
Analysis - Localization - Reasoning Data Distillation + Evidence-aware RL 51 benchmark SOTA - 80p+ 2 A 2t& A
find-then-reason= CoTZ2 L& &tCt + EGRAZ 22 238t RAG reader2 SAl £ Jts

ZfALEHLICH - Thank you - github.com/yh-hust/DocSeeker
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