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Introduction

Background: BacHranslation
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German

Ich beflirworte die Feststellung des Berichterstatters, dass der Weltraum nichtb .

Obgleich sie wohlwollend gemeint sind, werden die vergeschlagenen Anderungen auf ™.

Ich komme zum Schlud, Herr Prasident. Ich méchte sagen, dai das Recht, dal das G .

Ich denke jedoch wirklich, dass wir in den nachsten paar Jahren erleben, dass si -.

Deshalb sehe ich keinen Zusammenhang zwischen der Stilllegung von Ignalina und d .

- 9N et dnMaA T EgCnuvaFrutn i tTY9Fh- 0.

English

I support the rapporteur's stipulation that space should not become weaponised.
Although meant well, the proposed amendments will, in my view, in fact, hamper t -.
To conclude, Mr President, I want to say that the law represents or should repre .
I do think, however, that in the next few years, we will see them abandoning the .

[ therefore see no link between the closure of Ignalina and security of supply i -.
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Method

Instruction Backtranslation
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Method

Instruction Backtranslation
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Method

Instruction Backtranslation
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Method

Instruction Backtranslation
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Table 19: Prompt used in the self-curation step to evaluate the quality of a candidate (instruction,
output) pair in the dataset derived from self-augmentation.

Below is an instruction from an user and a candidate answer. Evaluate whether or
not the answer is a good example of how AI Assistant should respond to the user’s
instruction. Please assign a score using the following 5-point scale:

1: It means the answer is incomplete, vague, off-topic, controversial, or not
exactly what the user asked for. For example, some content seems missing, numbered
list does not start from the beginning, the opening sentence repeats user’s question.
Or the response is from another person’s perspective with their personal experience
(e.g. taken from blog posts), or loocks like an answer from a forum. Or it contains
promotional text, navigation text, or other irrelevant information.

2: It means the answer addresses most of the asks from the user. It does not
directly address the user’s question. For example, it only provides a high-level
methodology instead of the exact solution to user’s question.

3: It means the answer is helpful but not written by an AI Assistant. It addresses
all the basic asks from the user. It is complete and self contained with the
drawback that the response is not written from an Al assistant’s perspective, but
from other people’s perspective. The content looks like an excerpt from a blog post,
web page, or web search results. For example, it contains personal experience or
opinion, mentions comments section, or share on social media, etc.

4: It means the answer is written from an AT assistant’s perspective with a

clear focus of addressing the instruction. It provide a complete, clear, and
comprehensive response to user’s question or instruction without missing or
irrelevant information. It is well organized, self-contained, and written in a
helpful tone. It has minor room for improvement, e.g. more concise and focused.

5: It means it is a perfect answer from an AI Assistant. It has a clear focus on
being a helpful AT Assistant, where the response looks like intentionally written

to address the user’s question or instruction without any irrelevant sentences. The
answer provides high quality content, demonstrating expert knowledge in the area, is
very well written, logical, easy-to-follow, engaging and insightful.

Please first provide a brief reasoning you used to derive the rating score, and
then write "Score: <rating>" in the last line.

<generated instruction>
<output>

quality examplgs
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l Large-scale language model pretraining

2 Training on code .
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Experiments

Evaluation Setup
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Experiments

Q Type [/])to search

= O tatsu-lab / alpaca_eval

<> Code @ Issues 1 © Security |~ Insights

11 Pullrequests () Actions [ Projects

, @ AlpacaEval : An Automatic Evaluator for Instruction-
following Language Models

Code License Apache 2.0 | Data License | CC By MC 4.0 § python 3.10+

AlpacaEval 2.0 with length-controlled win-rates (paper) has a spearman correlation of 0.98 with ChatBot Arena while
costing less than $10 of OpenAl credits run and running in less than 3 minutes. Our goal is to have a benchmark for
chat LLMs that is: fast (< 5min), cheap (< $10), and highly correlated with humans (0.98). Here's a comparison with
other benchmarks:

Chat Arena Spearman correlation
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